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Background Behaviour

e Spectro-temporal modulations are the fundamental building blocks of
complex signals, carrying important cues for speech intelligibility.

e Consequences of missing spectral and temporal information are of
particular importance for aging populations and recipients of hearing
devices as they receive less spectro-temporal information, detrimental for Spectral degradation Temporal degradation
speech processing. i l
e Cortical tracking in response to naturalistic stimuli has provided insights into
speech processing and information transmission.

e Assessing cortical tracking under situations with spectral and temporal
degradations can help us better understand how stimuli are encoded in
patient populations.

e This could provide an objective measure to study information
transmission when confronted with bottom-up degradations of speech signal.

What is the effect of modulation filtering on speech intelligibility?

Intelligibility decreases with increasing degradation (comparable to previous studies)
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Research questions

What is the effect of modulation filtering on speech intelligibility? EEG

Evaluate intelligibility of speech without modulation information.
Get reference intelligibility values for EEG experiment.

Replicate previous findings (Elliot & Theunissen, 2009; Flinker et al. 2019). What is the effect of modulation flltermg on cortical tracklng of SpeCtrO-

temporal features?
What is the effect of modulation filtering on cortical tracking of

spectro temporal features? The clean model cannot predict degraded conditions for our dataset.
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Methods
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Can we recover spectro-temporal modulation degradation from neural
representations?
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potential tool to capture spectral and temporal degradations from neural signals. Frequency band (H2) lag (ms) lag (ms)
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